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Abstract

In this work, we determine the optimal control for free-radical methyl methacrylate polymerization using a bifunc-
tional initiator in a non-isothermal batch reactor. A detailed unsteady-state model of the process is employed. Four
different optimal control objectives are realized, each of which optimizes a given variable simultaneously with the spec-
ification of another. The first two objectives involve the maximization of monomer conversion in a specified operation
time, and the minimization of operation time for a specified, final monomer conversion. The last two objectives involve
the maximization of monomer conversion for specified, final number and weight average polymer molecular weights.
The temperature of heat-exchange fluid inside reactor jacket is considered as a control function of an independent var-
iable. To meet the specification of an optimization variable other than time, the differential model of batch process is
derived in the range of specified variable. Equations are provided for Jacobian evaluations to help in the accurate solu-
tion of process model. A genetic algorithms-based optimal control method is applied to realize the four optimal control
objectives. The results show that optimal control can significantly enhance the performance of the batch polymerization

process.
© 2005 Elsevier Ltd. All rights reserved.
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1. Introduction

Poly(methylmethacrylate) or PMMA is a transparent
thermoplastic, which is extensively used in manufactur-
ing industry because of its high resistance to ultraviolet
degradation and corrosion. PMMA is generally pro-
duced by the free radical polymerization of methyl meth-
acrylate (MMA) in batch reactors, which are easily
adaptable to production demands, and are simple to
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operate. The performance of batch reactors can be en-
hanced by optimizing various process parameters that
are available for manipulation. Some of these parame-
ters, e.g. the temperature of heat-exchange fluid, can
be varied with time in an optimal fashion to achieve
what is known as the optimal control of a process. In
general, the optimal control of process denotes off-line
determination of optimization function(s), the online
application of which would achieve a desired objective.
It must be noted that optimal control, also referred as
dynamic optimization, is neither the usual (closed loop)
process control nor optimization, which involves vari-
ables but not functions as optimization parameters.
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Nomenclature
A heat transfer area, m’ R radical of chain length /, with one
G, specific heat of reactant mixture, J/g K undecomposed peroxide
f efficiency of initiator R, radical of chain length k
i concentration of initiator, mol/L Ri radical of chain length k, with one
° initial i, mol/L undecomposed peroxide
i normalized i K solvent concentration, mol/L
I initiator s° initial s, mol/L
J performance index S normalized s
Ky rate coefficient of chemical initiation, S solvent
min ! t time, min
Ky» rate coefficient of chemical initiation tr final, specified operation time, min
with undecomposed radical, min~" T temperature of reactants (or reactor),
K, rate coefficient of propagation, L/mol °C
min 7° initial 7, °C
K, rate coefficient of termination, L/mol Tmax  upper limit to 7, °C
min T normalized T
Ko rate coefficient of termination by com- T; temperature of heat exchange fluid in
bination, L/mol min reactor jacket, °C
Kiq rate coefficient of termination by dis- Tjmax upper limit to Tj, °C
proportionation, L/mol min Timin lower limit to Tj, °C
Kim rate coefficient of chain transfer to U heat transfer coefficient for reactor wall
monomer, L/mol min and jacket, J/m? min K
Kies rate coefficient of chain transfer to sol- V volume of reactants inside reactor, L
vent, L/mol min 10 initial ¥, L
Ky, rate coefficient of chain transfer to v normalized V'
inhibitor, L/mol min X monomer conversion, %
m monomer concentration, mol/L Xr specified, final X
m° initial m, mol/L ¥y jth state variable
m normalized m z concentration of inhibitor, mol/L
my final m z2° initial z, mol/L
M monomer z normalized z
M, number average molecular weight, Z inhibitor
g/mol Z inactive inhibitor radical
M,y  final, specified M,, g/mol
M, weight average molecular weight, g/mol Greek symbols o
— . — —AH heat of polymerization, J/mol
My, final, specified M., g/mol A; ith moment of live polymer radical
M, monomer molecular weight, g/mol }7 J lized 4 poly
Y dead polymer of chain length / ~ normatized 4 ) ) .
P, dead polymer of chain length /, with j jth moment of live polymctr radical with
~ one undecomposed peroxide - one unc}ecmpposed peroxide
P, dead polymer of chain length /, with 4 normalized /;
two undecomposed peroxide JIr jth moment of dead polymer
R, initiator radical W normalized y;
Rin initiator radical with one undecom- ﬁj jth moment of dead polymer with one
posed peroxide undecomposed peroxide
R, radical of chain length / 1y normalized [i;
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= jth moment of dead polymer with two

'ljj undecomposed peroxide
I normalized i,
i’ parameter used to normalize radical

and polymer moments

Pm monomer density, g/L
Pp polymer density, g/L
Ps solvent density, g/L

The application of optimization function(s) is unique
to optimal control, and provides extreme flexibility and
enhanced capabilities to realize process objectives with
greater performance. Together with the increase in com-
puting power, and the development of more efficient
optimal control techniques, research in the optimal con-
trol of industrial processes has begun to gain promi-
nence.

It was established very early [1,2] that the perfor-
mance of batch reactors, and their product properties
depend strongly on reaction temperature. Many optimal
control studies on batch reactors [3-6] have determined
optimal temperatures, and provided deeper insights into
reactor design, and optimal reactor performance. In case
of batch polymerization, many researchers [7-10] have
applied optimal control for the minimization of opera-
tion time, and the production of polymer with desired
number and weight average molecular weights.

In the present study, we focus on the optimal control
of the batch polymerization of MMA. The optimal con-
trol for the batch polymerization of MMA was first
examined by King and Skaates [11]. They used trial and
error simulations based on steady-state hypothesis for
radical concentration, and an empirical gel effect model
for bulk polymerization. Considering jacket temperature
as a two-step control function of time, they determined
optimal step-switching times under the constraints of
10% MMA conversion, and a specified maximum reactor
temperature. Since then, several studies have been under-
taken on the optimal control problem for MMA [12]. In
general, these studies apply the calculus of variation on
simplified and workable polymerization models to deter-
mine optimal control policies (i.e. functions of time) such
as temperature, initiator and monomer concentrations.
These policies optimize different variables, e.g. operation
time, final monomer conversion, polymer molecular
weight and polydispersity, subject to various constraints
on process and polymer property.

An interesting study is by Ponnuswamy et al. [13],
who determined as well as experimentally tested the
optimal control policies for semi-batch MMA polymer-
ization. They used the calculus of variation based on a
simplified polymerization model to determine (i) optimal
initiator concentration policy to minimize operation
time, and (ii) optimal reaction temperature policies to

minimize polydispersity. Final monomer concentration,
and number average polymer molecular weight were
specified as process constraints. Although experimental
results generally agreed with optimal control predic-
tions, discrepancies in number average polymer mole-
cular weights were observed, thereby indicating the
limitations of the simplified polymerization model
employed.

There have been some optimal control studies on
batch MMA polymerization using innovative ap-
proaches. Chang and Lai [8] proposed a two-step opti-
mal control method, which first calculates number
average degree of polymerization based on a final spec-
ification, and then uses a steady-state polymerization
model to determine optimal control with non-linear pro-
gramming. They applied this method for the optimal
control of MMA polymerization in a batch reactor for
specified final monomer conversion, number average de-
gree of polymerization, and polydispersity. Tian et al.
[14] used neural networks to determine optimal temper-
ature policy for specified number average molecular
weight, monomer conversion, and polydispersity for
a batch MMA polymerization reactor. Chakravarthy
et al. [15] optimally determined the reaction temperature
as a control function of time for the bulk, batch poly-
merization of MMA with a monofunctional initiator.
The composite objective was the weighted sum of oper-
ation time, and penalties on final monomer conversion
and the number average polymer molecular weight with
respect to their targeted values. In addition to Pontrya-
gin’s principle, the authors applied simple genetic algo-
rithms [16] with restrictions on each discrete reaction
temperature value (except the initial one) initially ran-
domized around the preceding temperature value.
Splines fitted on such values were used to obtain candi-
dates for reaction temperature policies without extreme
variations. Crossover operations were suitably restricted
according to the number of discrete temperature values
corresponding to the operation time. In another interest-
ing study, Mankar et al. [17] applied realtime optimal
control based on genetic algorithms to recover the bulk
polymerization of MMA from a planned disturbance.

In this work, we determine the optimal control of free
radical, solution polymerization of MMA with a bifunc-
tional initiator. The temperature of heat exchange fluid
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inside the jacket of reactor is used as a control function
of time, or any specified independent variable depending
on the objective. A detailed unsteady-state process
model including the variation of temperature as well as
reactor volume is used. Benzene is used as a solvent,
and N,N'-bis[(4-t-butylazo-4-cyanovaleryl)oxyethyl}-azo-
bis-formamide is used as a bifunctional initiator. This
initiator is very useful in obtaining high initiation rates,
and high polymer molecular weights [18]. A robust opti-
mal control method based on genetic algorithms [19] is
used to determine optimal control policies. This method
iteratively uses genetic algorithms meshed with the size-
variation of control function domain on logarithmic and
linear scales, and has been successfully tested on chal-
lenging optimal control problems including polymeriza-
tion [19,20].

Following are the main contributions presented in
this work:

1. the determination of optimal control policies by suit-
ably transforming the differential process model so
that the independent variable is the one specified at
the end of process. (This enables an additional para-
meter to be simultaneously optimized, and wider
operation choices with four different objective func-
tions realized in this work.)

2. the first time derivation and use of an unsteady-state
process model based on previously used MMA poly-
merization kinetics with bifunctional initiation. (The
reaction kinetics has been used in the past with
pseudo-steady-state approximation only.)

3. the procedure to evaluate analytical Jacobians for the
accurate solution of stiff differential process model.

Four different optimal control objectives are employed
to enhance the performance of the batch MMA poly-
merization. Each objective optimizes a variable along
with the specification or satisfaction of another. The
objectives are: (1) maximization of monomer conversion
in a specified operation time, (ii) minimization of opera-
tion time for specified, final monomer conversion, (iii)
maximization of monomer conversion for a specified,
final number average polymer molecular weight, and
(iv) maximization of monomer conversion for a speci-
fied, final weight average polymer molecular weight.
The temperature of heat-exchange fluid inside reactor
jacket is used as a control function, which influences
the temperature of reaction mixture.

2. Mathematical model

A detailed mathematical model is provided below for
the batch polymerization of MMA in a non-isothermal
batch reactor using a bifunctional initiator. Based on

the reaction kinetics presented in Appendix A, the model
comprises the equations of change of volume (V) and
temperature (7) of reactants, the concentrations of
monomer (m), initiator (i), solvent (s), inhibitor (z),
and of the first three moments of regular radicals
(Ao, A1, 42), radicals with one undecomposed peroxide
(%0, A1, 42), regular dead polymer molecules (uo, i1, i),
and dead polymer molecules with one and two unde-
composed peroxides (fi, i, fi, and Jig, [i; ﬁz). The equa-
tions are based on a free radical polymerization reaction
mechanism given in Appendix A. The symbols in follow-
ing expressions are defined in Nomenclature. The devel-
oped model that follows is very rigorous, and therefore
is expected to yield better agreement between predictions
and experimental results.

dv \ ~ 1 1
E = 7Kpm(/no + io)Wm |:p—p — [)m:| (1)
dT  —AHKym(Jo +70) UA(T —T.) 2
dr pC, VpC,
dm = mdV
E = —Kpm(),() + /LO) — ; E (3)
di 4
EZZKCHZ—;E (4)
ds - s dV
a = —K[f,ss()»() + /10) — ; E (5)
dZ ~ z dV
- —Ki.2(20 + 4o) — v ar (6)
For moments of regular radicals:
di N ~ s a3
d = 2 Kaii + 26K+ Tio) = Kido(a + o)
= Ao dV

+ (K‘f,mm + K[f.ss)/uo — Klf.ZZA() — 70 E (7)
d/ll . ~ ~ x
o 2f \Kaii + foKa (o + Ity + 2Jtg) + KpmZo

— Kt)hl(zo + ;L,O) + (K[f,mm + th'SS) (}.0 — /11 —+ ;L,O)

. A dV

— th,ZZ/Ll — V 3 (8)
di, X R - - = , ,
O 2f\Kaii + faKaa (fig + fio + 2ftg) + Kpm(do + 241)

— Ki2a(Zo + 40) + (Kigmm + Kig.58) (Ao — 42 + o)

. A dV
— Kig 20 — v ar 9)

For moments of radicals with one undecomposed
peroxide:

dz : N N
dito =21\ Kaii + 2f,Kapfiy — Kido (2o + Ao)
I 14
— (Kiym Kigss + Ky, - 10
( tt,mM + Kiess + Ky, Z)/LO v dr ( )
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di - . 8 5
d—t' =2f \Kaii + 2f K aofty + Kpmio — K2y (G0 + )
s A dv
— (Kigmm + Kips8 + K ,2) 4 — 2 (11)
v d
d;LZ . = 5 ot
G 2f | Kaii + 2f K aa ity + Kpm(2do 4 244)
— K(j,z(j.o + ;LO) — (Klf,mmjyz + K(fﬁss + Klf,zz);lz
Jo dV
_2cn 12
vV ode (12)
For moments of dead polymer molecules:
d K22 5
% = 1'2 0+ Kiaso(2o + 20) + (Kigmm + Kigss
dv
+ Ky,2) 20 — H—VO ar (13)
dpy _ 3
e Kokt + Kigdi (o + Zo) + (Kiygmm + Ky gs
dv
+ K 22) A1 — I~4_V1 a (14)
2 _ (oo + 22) + KeadaUo + o) + (K
T 1e(doda + A7) + Kiaza(Ao + 2o) + (Kipmm
, dv
+ K ss + Kiep2) 2o — ﬂ_Vz ar (15)

For moments of dead polymer molecules with one un-
decomposed peroxide molecule:

dji . 5 s,
% = —Kajly + Kiclolo + Kialo(Ao + 2o)
= Jip dV
+ (Kymm + Kipss + Kip,2) o — P2 (16)
Vo dt
B kit + Keolods + 7o) + Kealn Glo +
o ally + Kic(Aoht + 4ido) + Kiati (Ao + 4o)
= dv
+ (Kygmm + Kip g5 + Kig,2) 2 — 'u—Vl a (17)
di ~ Lz L,z -
% = —Kanjly + Kie(Aado + 2211 + Aola)
+ Kiada(Go + %) + (Kigmm + Kigss
-y dy
Ki,2) 00 ——= — 1
+ Ki22) A2 v dr (18)

For moments of dead polymer molecules with two unde-
composed peroxide molecules:

- 22 =

di, = Kicdy g dV

—=-2K — - 1
a& ally + P vV dr (19)
d/:1 = 79 /:’t v

o= 2Kk +Kiedoh = (20)
d/:1 x 73 72 /i ar

o = ~Kat + Ki(oho + i) = 2 - (1)

Let us define normalized state variables as

14 T +273.15
Vel T= 1o,
V T° 4+ 273.15
m . i s
m=l--%, i=l-5, s=1-5,
I A TS
E—l_z_ov f/—l—mv %j_l_ﬁv
U = i = l:‘
'5/':1_#_{)’ ‘lj/: _'u_{p I;t/.zl_‘u_é.
Jj=0,1,2 (22)

where V0, T° m°, i, s° and z° are the initial values of V,
T, m, i, s and z, respectively, and 1° is a parameter used
to normalize radical and polymer moments. Then the
equations of change for the normalized state variables
are given by

1 dy, .
dy; —— =2 if 1940
L A A S N R
0, if 0 =0
(23)

where y; is the normalized form of a state variable, y;,
with the normalization factor, y?.

3. Optimal control objectives

Based on the above mathematical model, four differ-
ent optimal control objectives for batch MMA polymer-
ization are presented in this section. The temperature of
heat-exchange fluid in reactor jacket (or “‘jacket temper-
ature”) is considered as a control function of a specified
parameter. An inequality constraint in the form of an
upper limit to the temperature of reactants is enforced as

T < Tmax (24)

There are two additional inequality constraints in the
form of lower and upper limits to jacket temperature, i.e.,

Tj.min < Tj < Tj,max (25)

3.1. Objective 1

The optimal control objective is to determine the con-
trol policy for jacket temperature that would maximize
monomer conversion in a specified batch operation time
(tp), i.e., the performance index,

J =X(tr) = X; (26)

max

In Eq. (26), X is monomer conversion given by

my.
Cm
This objective requires the satisfaction of Egs. (1)—(7),

(10), (13), (16) and (19); or their normalized form given
by Eq. (23).

x=1 L= (1=m)(1—7) (27)
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3.2. Objective 2

The optimal control objective is to determine the con-
trol policy for jacket temperature that would minimize
operation time for a specified, final monomer conversion
expressed in terms of fractional reduction in monomer
concentration (m), i.e., the performance index,

J = t(m) = t; (28)

min

This objective requires the transformation of Egs. (1)—
(21) so that the independent variable is the fractional
reduction in monomer concentration (m). The trans-
formed equations are given by

dr dm] ™! )
an {d—;} for j=2 (29)

dy, [dm)'dy;
A -~ j=0,1,3,4,...,20 (30)

an ldr) A
with time as a new state variable.

3.3. Objective 3

The optimal control objective is to determine the con-
trol policy for jacket temperature that would maximize
monomer conversion for a specified, final weight average
polymer molecular weight (M,), i.e., the performance
index,
thYIIX:X(VM) =X (31)
This objective requires the satisfaction of Egs. (1)—-(21)
after their transformation so that the independent vari-
able is number average polymer molecular weight
(M,). The transformed equations are given by

dy;  rdm,]'dy
~ = | = i=0.1.....2 2
o e & ot (32)
where
_ R P |
Mn:Mm ﬂ1+,l~ll+,l;1+/"hl+~l (33)
Ho + g + [t + 2o + o
dM, _ Myt
At gy + g + fig + 40 + 20
= (o diko o diy dig
“Melar e e e Tar
d,LNll d,{ll d,iill d%ldt%l 34
o ta et T (34)

The additional equation of change for time as a state
variable is given by

dr [dM,
dMm, | dt

-1
} for j =21 (35)

3.4. Objective 4

The optimal control objective is to determine the con-

trol policy for jacket temperature that would maximize
monomer conversion for a specified, final weight average
polymer molecular weight (M), i.e., the performance
index,
J =X (M) = X; (36)
This objective requires the satisfaction of Egs. (1)—(21)
after their transformation so that the independent vari-
able is weight average polymer molecular weight (M,,).
The transformed equations are given by

dy;  1dag,) " dys

~ = | = ;j=0,1,...,20 37

e SRR )

where

_ iy + i + 2o + )

My = My (fot ol Tt o (38)
[ I S i O s

dm,, Mol

Aty At

7 duy  dp dél di dz»l
R A R PR PR PR

du: dfz djz d7, dis o
B TR I TR T TS (39)

X

The additional equation of change for time as a state
variable is given by

de dm,,
dm, | dt

-1
} for j=21 (40)

For Objectives 2-4, the above transformations of the
process model, Egs. (1)-(21), enable its integration in
the range of a specified independent variable (which is
not time) up to its specified, final value.

4. Integration of batch process model

The four optimal control objectives described above
require the integration of corresponding equations of
change with different independent variables (¢,m,M,
and M,,) for performance index evaluations. These equa-
tions are very stiff and non-linear. In this work, they
were numerically integrated using semi-implicit Bader—
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Deuflhard algorithm, and adaptive step-size control [21].
Analytical Jacobians were employed for integration. The
equations to evaluate the elements of Jacobian corre-
sponding to each optimal control objective are provided
in the next section.

4.1. Equations to evaluate Jacobians

Equations for the analytical evaluation of Jacobian
are for normalized state variables, and time (for Objec-
tives 2-4) with respect to the independent variable
depending on an optimal control objective. Using the
start-up values, yj?, and the basic Jacobian elements,

d /d . .
( el ) the Jacobian elements are sequentially calcu-
dy, \ ds

lable as described below.

4.1.1. Jacobian for Objective 1
For all state variables, the elements of the Jacobian
are given by

pod /Ay
d [dy; J%di(ﬁtj)’ if 2 >0
E E =<V, 4 5
ot 0, if 9 =0

j,k=0,1,2,...,20 (41)

Eq. (41) is same for other optimal control objectives
until the independent variable of Eqs. (1)-(21), which
initially is time, is changed to m, M, and M, for
Objectives 2, 3 and 4, respectively. “Time then becomes
a new state variable. For this transformation, the new
independent variable must be non-zero. The Jacobians
for Objectives 2-4 are then sequentially calculable as
follows:

4.1.2. Jacobian for Objective 2

The Jacobian elements for time, corresponding to
j=0, are given by

d [ de
(@) o afan]  (am)
dy; \ dm A dy, \ dt )’

k=0,1,3,4...,20 (43)

for k=2 (42)

The Jacobian elements for remaining state variables,
corresponding to j=0,1,3,4,...,20, are given by

d dy, Cldy; d [de
= _ +a;
dyk 0 de dyk dm

k=0,1,...,20 (44)

In Eq. (44),

dm]™! W d (dy
—mo |2 ), iy >0
a=q " M dyk(dr) h (45)

0, it )=0

4.1.3. Jacobian for Objective 3

Let M, correspond to j =21 before the transforma-
tion of the independent variable. Then the basic Jaco-
bian elements for M, are given by

d [/dM,
— 1) = f =21 4
dMn<dt) 0 fork (46)
i(dﬂn)_ M i(%)
dy, \ de Mo + o + fig + 20 + 40 | Ve \ df
d /diy d /di, d [diy
+dyk(df)+dyk( +dyk dr
L4 (d MuM,
dy, \ df Mo + Ito + fig + 20 + 4o
W |4 (dro) | 4 (dib) | d (diy
dy, \ dr dy, \ dr dy, \ dt
d (diy d (d
*a(dz)%—yk(dz)] e
k=0,1,...,20 (47)
In Eq. (47),
Bo=
M, dy, dp, df, di di
— — 111Jr lllJrﬂJr L, 94
(o +fio+ frg+ o+ 20)" |\ de = de—de - de
_onz, (Y, Ro | dity | dh  dA
2M(dz—i_dz—i_dz—i_dz—kdz‘
for v, = o, Ros flos 0,40
—M d dp, di, diy di
(o+fg+itg+70+4)" \ dr de - de —dr dr
forYk:H1vﬁ17l§‘17;tl7/11
0, forremaining y,s

(48)

After the transformation of the independent variable to
M,, time becomes a new state variable (refer Eq. (35)).
The Jacobian elements for time, corresponding to
j=21, are given by

d (de\ [dM,17 d (dM)\
d_yk(dﬁn)_yk{d;} d_yk(T)’ k=0,1,...,20
(49)

d/ dt
% (d]l_/ln) =0 for k=21 (50)

The Jacobian elements for remaining state variables,
corresponding to j=0,1,...,20, are given by
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d [y _7i%d(dt)+
dy\av, )~ 0 e dy \aa,)

k

k=0,1,2,...,20 (51)

d [dy
— =] = fi =21 2
dt(dMn> 0 fork (52)
In Eq. (51),

1

dM , yg d dy,- .

ke — =L £9>0

% = {dt} Wy \de ) B g (53)

4.1.4. Jacobian for Objective 4
Let M, correspond to j = 21 before the transforma-
tion of the independent variable. Then the basic Jaco-
bian elements for M, are given by
d [dMm,
M. ( dr

):0 for k =21 (54)

i(dM) M d <dﬂ2>
dy, \ dr o+ o [ \de

d (di\  d (diy\  d [dis
+dyk(dt)+dyk(dt +dJ’k d

d (di, MM,
+—=|- — -
dy, \ dr L e i S o

A (dm) | d (R d
. {dyk(dt)—i_d)%(dt +dyk dr
RN LA

dy, \dt ) " dy, \ dr v

k=0,1,2,...,20 (55)

In Eq. (55),
Bi=

My d di, dp, di, di
— R— ﬂ2+ ﬂ2+ ﬂ2+ b B
(g + ity + iy + 214 A1) de  dr  dtr  dr  dt

dp | diy dji dA1+dxl>]

M|+ +—+F

de  dr  dr  dr  dr
foryk::ulvﬁh.al’/llvzl _
M, dw iy dy i dhy
(4R + iy +a+a)* (e de o de o de dr

fory, = N27H27l¢27ﬂ27)2
0, for remaining y,s

(56)
After the transformation of the independent variable to

M,, time becomes a new state variable (refer Eq. (40)).
The Jacobian elements for time, corresponding to

j =21, are given by

Table 1
Model parameters used in calculations
Parameter Value or expression Source
0.6 This study

i°, mol/L 4.13x 1072
m°, mol/L 1.7648

s°, mol/L 8.4692

T, °C 70 (Objectives 1 and 2), 0 (Objectives 3 and 4)

Tinax, °C 80

T max> °C 120

TJ min> C 4 (Objectives 1 and 2), —20 (Objectives 3 and 4)

VoL 1

2 mol/L 107

w0 10°°

Kit.s, L/mol min 1.58 x 107K,
Kit,, L/mol min 1061(p

M,,, g/mol 100.12 (for MMA)

M, g/mol 78.11 (for benzene)

K1, Kgp, min~! 3% 10 exp[—1.1299 x 10*/(T + 273.15)] Simionescu et al. [18]
UA, J/min K 6.5475 x 10° Villalobos et al. [22]
—AH, J/mol 5.546 x 10* Brandrup et al. [23]
Kif.ms L/mol min 5.358 x 10 2exp[—1.1273 x 10*/(T + 273.15)] Kalfas et al. [24]
Pms /L 309.85 x 0.25357 (1T + 273.15)/564p 271 Yaws [25]

pe /L 300.9 x 026771~ +273.15)/562.16251%

Gy, J/gK 42416 % 10° + 1.08 x 10X T+ 273.15)—3.1588

Pps &/L

x 107 T+ 273.15)* + 3.7804 x 10~ T + 273.15)°
1.18 x 103°—(T + 273.15)

Ahn et al. [26]
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d (de\  o[dM,]d (dM,)\
d_yk(dﬁw)_yk{dl} d_yk<dt )7 k_0717720

(57)

d/ dt

The Jacobian elements for remaining state variables,
corresponding to j=0,1,...,20, are given by

d [ dy; 1dy, d [ dr
B i I e B (L e A S T
d_)N/k <de) yj) dr ka (dMW>+/17 sy )

(59)
d [ dy;
In Eq. (59),
dm, )y d o (dy
vl A Z (2 £0>0
= {dz} y?dyk(dr)’ hiz (61)

For the integration of equations of change, u° was ad-
justed so that the difference between the value of inde-
pendent variable (e.g. M, or M,,), and that calculated
using other state variables (e.g. from Eq. (33) or (38))
is negligible. For Objectives 2-4, the transformation of
process model was done as soon as the new independent
variable achieved a finite value lying within the first
stage of optimal control.

Various parameters used in calculations are provided
in Table 1. The gel effect models for propagation and
termination rate coefficients are provided in Appendices
B and C, respectively. The reactants for polymerization
are the MMA (monomer), N,N’-bis[(4-t-butylazo-4-
cyanovaleryl)oxyethyl]-azo-bis-formamide (bifunctional
initiator), benzene (solvent), and trace amount of some
impurity (inhibitor). The product is the polymer, poly-
(MMA). No experimental data are available for the free
radical polymerization of MMA using bifunctional initi-
ator. As such, we will compare the results of optimal
control with the base case simulation of batch MMA
polymerization with bifunctional initiator at a constant
reaction temperature of 70 °C. This isothermal tempera-
ture of base case is one of the normally considered tem-
peratures for MMA polymerization.

5. Optimal control method

The mathematical model presented above for the
batch polymerization of MMA is highly non-linear. Fur-
thermore, due to the inequality constraints of Egs. (24)

and (25), the relation between the performance index
and jacket temperature for Objectives 1-4 would not
necessarily be unimodal and continuous for the four
optimal control objectives.

To realize these difficult objectives, a robust optimal
control method based on genetic algorithms [19] was ap-
plied. This optimal control method iteratively uses the
three genetic operations of selection, crossover and
mutation in the size-varying domain of control function
with logarithmic and linear mappings. The method does
not require any input of feasible control solution, or any
auxiliary condition. This method has been successfully
applied earlier for the optimal control of ethylene poly-
merization in an industrial tubular reactor [20]. Further
details of this method may be found in Upreti [19].

In this work, the temperature of heat-exchange fluid
inside reactor jacket (or jacket temperature) was em-
ployed as a control function of specified independent
variable. Based on numerical experiments, the number
of control stages or step values was optimally selected
with respect to the quality of optimal result as well
as computation time for a single run of optimal control
algorithm. The optimal results obtained with less than
five steps were inferior than those with five steps. On
the other hand, the results with more than five steps in-
creased the computation time (with a 3.06 GHz per-
sonal computer having 1 GB random access memory)
to more than a week, but with marginal improvements.
Hence, jacket temperature was considered to be a series
of five discrete step values equispaced in the range of
independent variable. The number of step values, the
mathematical model of bulk, batch polymerization
reactor with its parameters, and the process constraints
of Egs. (24) and (25) were input to the optimal control
method. These inputs are needed to evaluate the per-
formance index for a given control function. The appli-
cation of the method yielded an optimal control
function through the stochastic application of genetic
operators on a randomly generated set of control func-
tions constrained by Eq. (25). Since the method gener-
ates optimal control functions within the control
domain, the constraints of Eq. (25) are satisfied auto-
matically. The method eliminates any control function
for which any other process constraint (Eq. (24) in this
application) is violated during the evaluation of corre-
sponding performance index.

6. Results

The optimal control results for the four objectives are
summarized and compared with the base case in Table 2.
Note that the specified values of average polymer molec-
ular weights in Objectives 3 and 4 are simply not attain-
able in base case.
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Table 2
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Summary of optimal control results

Objective Specification J in base case Optimal J % Improvement in J
1 ty = 100 min Xr=65.9% X¢ = 85.6% 30

2 Xr=70% t;=111.9 min n;§X: 63.9 min 43

3 My =6.7 x 10* Not attainable ?; =67.9% -

4 Myr=15x%10° Not attainable r)"(t =49.7% -

max

6.1. Results for Objective 1

The optimal jacket temperature policy was deter-
mined, which maximizes final monomer (MMA) conver-
sion during the specified batch polymerization time of
100 min. Fig. 1 shows the optimal policy, which maxi-
mizes final monomer conversion to 85.6%. This value
is about 30% higher than the monomer conversion in
base case. The figure also shows how the temperature

policy gets improved with the iterations of the optimal
control method. It is observed that the optimal policy
reaches close to the maximum allowable reactor temper-
ature of 80 °C.

Fig. 2 shows the change in optimal reactor tempera-
ture, and monomer conversion with time, which corre-
spond to the optimal jacket temperature policy.
Corresponding variables for base case are also shown
in the figure. It is observed that optimal reactor temper-
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time , min
Fig. 1. Optimal reactor jacket temperature versus time for Objective 1.
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Fig. 2. Reactor temperature and monomer conversion versus time for Objective 1.
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ature increases very quickly, and gets close to its upper
limit of 80 °C in less than 10 min. In the following time,
the temperature is observed to be in phase with the opti-
mal jacket temperature (Fig. 1) in the lower vicinity of
its upper limit. This fact indicates that high reaction
temperatures are needed in all control stages in order
to increase overall polymerization, and achieve high
monomer conversion. This behavior shows the strong
influence of jacket temperature on reaction temperature,
and explains why optimal jacket temperature does not
surpass the upper limit of reactor temperature. The
proximity of optimal reactor temperature to optimal
jacket temperature is governed by the overall heat trans-
fer coeflicient used in this work, and is specific to the
reactor configuration modeled and simulated earlier
[27]. For the reactor with a lower value of heat transfer
coefficient and consequently greater heat accumulation
in an exothermic polymerization, the optimal jacket

temperatures would be lower such that the optimal reac-
tor temperature does not exceed its upper limit anytime.
In the present case, optimal reactor temperature is al-
ways well within the prescribed upper limit, which is
specified through Eq. (24). For time greater than zero,
the optimal value of reactor temperature exceeds that
for base case. Correspondingly, optimal monomer con-
version, for time greater than zero, is always higher than
the monomer conversion for base case.

The optimal number and weight average polymer
molecular weights (M, and M) versus time are respec-
tively shown in Figs. 3 and 4 along with those for base
case. It is observed that optimal M, as well as M,, values
are always lower than respectively those in base case. In
comparison to base case, the final values of optimal M,
and M, are reduced by about 42% and 36%, respec-
tively. This reduction indicates that optimal reactor tem-
perature, which is higher than the reactor temperature in

7.0 T — T T — T T —T—TTTT
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// /',
6.0 - // R 1
s, e
e //
50 F .0, -
— ’
g // ’ ’
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X e
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20 - ! Objective: h
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0.0 . I ...J’..I N | L P
1 10 100

time, min

Fig. 3. Optimal number average molecular weight versus time for Objectives 1-4.

base case
14

1.2 |
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>
T

0.8 |-

My x 107
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0.0 PR P A |

time, min

Fig. 4. Optimal weight average molecular weight versus time for Objectives 1-4.
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base case, has favored the generation of polymer mole-
cules with smaller chain lengths.

6.2. Results for Objective 2

The optimal jacket temperature policy was deter-
mined, which minimizes batch polymerization time for
the specified, final monomer conversion of 70%. Shown
in Fig. 5, the optimal policy is again close to the maxi-
mum allowable reactor temperature of 80 °C; similar
to what was observed for Objective 1. Moreover, the
time-averaged value of optimal jacket temperature is
approximately same as that in case of Objective 1. This
similarity of optimal jacket temperature is reasonable
because the realization of each of Objectives 1 and 2 re-
quires the maximization of overall rate of monomer
conversion.

S.R. Upreti et al. | European Polymer Journal 41 (2005) 2893-2908

Optimal reactor temperature, shown in Fig. 6, closely
follows optimal jacket temperature after the first control
stage. This behavior was observed earlier in case of
Objective 1. Corresponding to optimal jacket tempera-
ture, the optimal value of the operation time is
63.9 min, which is a reduction by 43% relative to base
case.

Fig. 7 shows optimal monomer conversion. For
Objectives 1 and 2, the conversion overlaps, and is al-
ways higher than that for base case. The optimal number
and weight average polymer molecular weights (34, and
M) are respectively shown in Figs. 3 and 4. The changes
in monomer conversion, and average molecular weights
with time almost coincide with respectively those in case
of Objective 1. The reason is that corresponding optimal
reactor and jacket temperatures for Objective 1 and 2
are not much different, and are close to their upper limit.
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Fig. 5. Optimal jacket temperature versus time for Objectives 2-4.
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Fig. 6. Optimal reactor temperature versus time for Objectives 2—4.
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Fig. 7. Optimal monomer conversion versus time for Objectives 1-4 (graphs for Objectives 1 and 2 overlap).

6.3. Results for Objective 3

The optimal jacket temperature policy was deter-
mined, which maximizes the final monomer conversion
with the specified final number average molecular weight
(Myy) of 6.7 x 10* g/mol. It may be noted that, as seen in
Fig. 3, this high value of M, is not achievable in base
case. In general, the time needed to obtain polymer of
a specified M, ¢ increases with a decrease in reaction tem-
perature. To provide extended application time for opti-
mal control through jacket temperature, and to facilitate
higher monomer conversion during that time, the initial
temperature of reactor was set at a low value of 0 °C.
Furthermore, wider range (for lower values) was made
available to jacket temperature by reducing its lower
limit to —20 °C.

Fig. 5 shows the resulting optimal control policy for
jacket temperature, which spans 884.6 min of operation
time, and yields the final monomer conversion of 67.9%.
Although the lower limit for jacket temperature is
—20 °C, its lowest optimal value is above 25 °C. At the
beginning optimal jacket temperature is 35.5 °C, and rises
to 48.3 °C, which is the highest for all control stages. The
temperature declines later on. It is noticed that the third
control stage is of longer duration than other stages.
The reason is that control stages are equispaced over the
specified independent variable, M,, which undergoes
the slowest change with time in the third control stage
(see Fig. 3). In fact, the rates of change of both M, (Fig.
3) and M,, (Fig. 4) with time are reduced in the third con-
trol stage. The rate of change of M, is initially negative in
the third control stage. This behavior is due to the higher
optimal jacket and reactor temperatures in the third stage,
which favor the generation of polymer molecules with
smaller chain lengths. The trend of optimal jacket temper-
ature after the first control stage is closely followed by cor-
responding optimal reactor temperature as seen in Fig. 6.

The change in optimal monomer conversion with
time, as seen in Fig. 7, is very small up to the first half
of the third stage after which the conversion rises to
the final value of 67.9%.

6.4. Results for Objective 4

The optimal jacket temperature policy was deter-
mined, which maximizes the final monomer conversion
with the specified final weight average molecular weight
(M) of 1.5 x 10° g/mol. It may be noted again that, as
seen in Fig. 4, this high value of M,, is not achievable in
base case. Optimal control results for this objective were
obtained for the same initial reactor temperature, and
the lower limit of jacket temperature that were used
for Objective 3. The realization of the present optimal
control objective with high monomer conversions is
lower than the previous Objective 3. The reason is the
initial increase of M, with time being higher than that
of M,. This limitation results in polymerization that
meets the specification of My very quickly, thereby
reducing the time available for optimal control through
jacket temperature.

Fig. 5 shows the resulting optimal jacket temperature
versus time which spans 592.4 min of operation time, and
yields a final monomer conversion of 49.7%. This value
(as well as operation time) is lower than that for Objective
3, thereby indicating the effect of the above mentioned
limitation. The variation in optimal jacket temperature
with time is different from that in Objective 3. The tem-
perature is the highest in the first control stage after
which it declines except in the last stage. This trend is clo-
sely followed by optimal reactor temperature as seen in
Fig. 6. Optimal M, (Fig. 3), M, (Fig. 4) for this objective
are observed to increase monotonically with time. The
change in optimal monomer conversion with time, as
seen in Fig. 7, is similar to that in case of Objective 3.
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7. Conclusion

The optimal control of MMA polymerization with a
bifunctional initiator was determined in a non-isother-
mal batch reaction with volume variation. The following
four optimal control objectives were realized: (i) maxi-
mization of monomer conversion in a specified opera-
tion time, (ii) minimization of operation time for
specified, final monomer conversion, (iii) maximization
of monomer conversion for a specified, final number
average polymer molecular weight, and (iv) maximiza-
tion of monomer conversion for a specified, final weight
average polymer molecular weight. The temperature of
heat-exchange fluid in jacket of reactor was utilized as
a control function of a specified independent variable.
The process constraints were maximum reactor temper-
ature, and the upper and lower limits to the temperature
of heat-exchange fluid.

The above objectives were formulated to help provide
wider choices for polymer production simultaneously
with the optimum efficiency of operation. Equations
were provided to suitably transform the model of batch
MMA polymerization with a bifunctional initiator in
the range of specified variable other than time, and to
evaluate the elements of Jacobian. Based on the model,
the four optimal control objectives were realized using
a robust method based on genetic algorithms. The results
of optimal control showed significant performance
improvements compared to base case without optimal
control.
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Appendix A. MMA polymerization kinetics

Based on the approach of Villalobos et al. [28], Gao
and Penlidis [29], and Dhib et al. [27], following is the
kinetics used in this work:

Chemical initiation:

IR, + R, (62)

R, + MR, (63)

~. Ky ~-

Ry, +M5R, (64)

PSSR, 4R, 121 (65)
2K

P, =R, +R, 1>1 (66)

Propagation:

. KP .
R +M=R,,, [>1
~. Kp ~-
R+M=SR,, I>1

Termination by combination:
Kie
R./+R}C_>Pl+k7 l7k>1
~. KI.C ~
R.[‘|‘Rk_)Pl+k, l,k?l

RAR SPL., Lk>1

Termination by disproportionation:

Ky
R +R, SP+P, Lk>1
~. Kig ~
R+R, -SSP +P, Lk>1
~. ~. K ~ ~
R1+Rk4>P1+Pk, l,k?l

Transfer to monomer:

Kifm

~. Kifm ~
R+MZP +R, [>1

Transfer to solvent:

Kirs

R+SSP+R, 1>1
~. Kirs ~
R,+S5P+R, [>1

Transfer to inhibitor (or impurity):

Kirz

R+Z5pP+z, 1>1
Ky ~
R, +7Z—=P +7, =1

Appendix B. Rate coefficient for propagation

Rate coefficient for propagation is given by
K, =K, x K> [L/mol min]
where, from Louie et al. [12]:
Kp1 =295 x 10

y —2.1892 x 10°
T +273.15

from Schmidt and Ray [30]:
7.1 x 10 exp(171.537%), if Vi < Vipe
vaz =

) [L/mol min]

17 if Ve = Vl'pc

Vipe = 0.05

(67)

(68)

(69)

(70)

(71)

(77)

(78)

(79)

(80)

(81)

(82)

(84)
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and from Ahn et al. [26]:

Vi = 0025+ Viw + Vip + Vs (85)
- -3

Vim = (r Tg,m);”Mm x 10 (86)
_ 0_ 4

Vip = (T — Typ)(m’ —m)Mpy x 4.8 x 10 &7

Pp
T — Ty )sM, x 10°°
Vis = ( 25 ); X (88)

Appendix C. Rate coefficient for termination

Rate coefficient for termination is given by
K =K +K4=K xK [L/mol min] (89)
where, from Kalfas et al. [24]:
K s —2.0498 x 10°
——=149x1 _——
K 9> 10 eXp( T+ 273.15

te
from Ahn et al. [26]:
K. =3.12 x 10"

—7.0156 x 10° .
X exp (m) [L/mol min] (91)

and from Schmidt and Ray [30]:

2.3 x 10 % exp(75V7), if Vi< Vg

e {0.105756Xp(17.15Vf —0.01715T), if Vi > Vie
(92)
Vie = 0.1856 — 2.965 x 10T (93)
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